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Introduction____________Theory________________ Faster Rank-1 NMF with Missing Values

» We found the formula of the best rank-1 factor
sharing NMF w.r.t. minimizing KL divergence.

Matrices Probability on a poset > NMMF can be viewed as a special case of NMF with missing values.
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multiple matrix factorization) finds a, b, w and h to . o
A1GM: Proposed Method for Rank-1 NMF with Missing Values

minimize D(X,w® h) + aD(Y,a® h) + D(Z,w®b) .
Y A1GM is a non-gradient-based method.
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S(X) is sum of all elements of X. Simultaneous rank-1 subspace Q Increase rate is the ratio of # missing values
- after addition of missing values at step1.




